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1. Introduction

Policy interventions by international as well as national non-
governmental organizations (NGOs) are common in developing
countries. The Structural Adjustment Program by the IMF, Commu-
nity Development Projects by the World Bank, and the Global Polio
Eradication Initiative (GPEI) by the Bill and Melinda Gates Founda-
tion (BMGF) are examples of some large scale policy interventions
undertaken by international organizations in various countries.1

Domestic NGOs working on specific sectors (such as health or pri-
mary education) also provide parallel services to various policy ini-
tiatives of local and regional governments within a country.2

Importantly, researchers often use third-party interventions, includ-
ing interventions of their own (in the form of, say, Randomized Con-
trol Trials) to evaluate the effectiveness of various policies.3 Third
party policy interventions often allow the researchers to address
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some of the endogeneity problems in estimating program effects
that may be present in evaluating government initiated public
programs.4

However, policymaking is inherently a political process. There-
fore, any policy intervention by an outside entity is likely to engen-
der responses by the domestic political actors. Researchers are
cognizant of this fact. Guiteras and Mobarak (2016), for example,
show that a sanitation subsidy intervention by researchers in vil-
lages in Bangladesh led to local politicians attempting to claim
credit for the program. Such ‘‘credit claiming” behavior of politi-
cians in response to third party interventions, especially when
the source of funding is not transparent, has been observed in
other contexts as well (see, for example, Böhnke et al., 2010;
Cruz and Schneider, 2014, etc.).

Credit claiming, however, is not the only possible political con-
sequence of such interventions. How the domestic government
reacts to a third party intervention depends, at least partly, on
the distribution of political rewards generated by it. If part of the
reward is accrued by the politicians who are aligned to the govern-
ment, then the government may act in a way that can complement
the intervention. However, if the intervention rewards rival politi-
cians, then it may try to undermine it. The political economy effect
of third party intervention, therefore, may depend on how the
incentive of the domestic government interacts with the interven-
tion.5 Moreover, some of the political economy consequences may
not be desirable, and hence, can be consequential for the overall wel-
fare implication of the intervention.

In this paper, we examine these concerns and provide evidence
of such political economy consequences of an intervention by the
World Bank in an Indian state. The intervention in question, known
as the Institutional Strengthening of Gram Panchayats (ISGP) pro-
gram, was a capacity building initiative that trained local politi-
cians and officials in various governance practices (such as
budgeting, maintaining accounts, digitization, holding regular
meetings, etc.) in a sample of 1000 village governments or Gram
Panchayats (GPs from now on) in the state of West Bengal.6 The
program was launched in 2010 in collaboration with the Panchayats
and Rural Development Department of the Government of West
Bengal. It was intended to improve the efficacy of the local politi-
cians and officials in their delivery of public goods and services.
Moreover, the GPs that received the training were later audited,
and the ones found to be performing better, received lump-sum
grants (‘‘ISGP grant”) under the program.

One year after the launch of the program, in 2011, state elec-
tions happened and a new party—AITC—came into power defeating
the Left Front which was in power for the previous few terms. In
2011, however, a majority of local governments were still ruled
by the Left Front. It is understandable that AITC would want to fare
better and capture power in more villages in the upcoming local
elections in 2013.7 The change in the political leadership in the
4 In recent times, researchers are increasingly conducting interventions with
governments themselves (Muralidharan et al., 2016) or exploiting details of govern-
ment interventions (Bharadwaj et al., 2019) to estimate causal effects of policies.
However, third party interventions still remain a more popular and common method
to evaluate the impact of policies.

5 This is similar in spirit to the possibility that individual beneficiaries of an
intervention may privately respond to it which may affect the efficacy of the
intervention. Das et al. (2013), for example, show that in response to anticipated
grants to schools in India and Zambia, households substituted away their private
spending on the education of their children, which resulted in a null effect of the grant
on test scores. We argue that such concerns may be present for the response of the
government as well.

6 West Bengal has about 3500 GPs in the entire state.
7 The previous local elections were in 2008.
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state, therefore, created an incentive for the state government to
reallocate its resources to GPs.8 Importantly, the reallocation incen-
tive interacted with the presence of the ISGP program. The state gov-
ernment had reasons to believe that the intervention increased the
governance capacity of the program GPs (i.e., the GPs that are part
of the ISGP program).9 Consequently, the incumbents in those GPs
were expected to have better reelection prospects. We, therefore,
hypothesize that the state government would have incentive to rein-
force the effect of the intervention in program GPs which are aligned
to the ruling party by allocating higher resources to them.10 Using a
theoretical model we argue that such a resource allocation strategy
would maximize the presence of the ruling party in the local govern-
ments in the forthcoming local elections.

For the empirical analysis, we compile detailed data on GP level
yearly revenue during the period 2008–09 to 2012–13 and candi-
date level GP election results for 2008 and 2013. The criteria used
by the ISGP program officials to select GPs into the program allows
us to use the regression discontinuity (RD) method to estimate the
causal effect of the intervention. We discuss the selection criteria
and the identification issues in detail in Section 5.1. Moreover,
for some of the analysis we test heterogeneity in the program
effect (across, say, aligned and non-aligned GPs). For this we use
a method similar to the difference-in-discontinuity method
described in Grembi et al. (2016). We elaborate on this in
Section 5.2.

We show that from 2011 onwards, the ISGP program led the
state government under the new ruling party to allocate higher
resources to the program GPs with aligned incumbents (i.e., incum-
bents belonging to the ruling party). The allocation was 32% higher
in 2011–’12 and 19% in 2012–’13. Importantly, the aligned non-
program GPs (i.e., aligned GPs from the same districts which were
not part of the program) did not receive higher resources either
after or before 2011. The differential allocation within aligned
GPs, therefore, can not be explained by the state government’s gen-
eral willingness to reward aligned GPs overall. The differential allo-
cation resulted in a significant increase in rival incumbents
switching their party affiliations in favor of the ruling party during
the GP elections in 2013. To the best of our knowledge, this is the
first paper that shows how discriminatory allocation by higher
level government to aligned local jurisdictions can lead to higher
likelihood of party switching among rival local politicians. More-
over, the intervention led to a 24% fall in the overall reelection rate
of the incumbents. The fall in the reelection rate is driven by the
non-switchers (from the opposition parties) in the program GPs.
The reelection rate of the aligned incumbents or those that
switched to the AITC party did not change due to the intervention.

The results suggest that the intervention led to significant
changes in the local political economy of rural West Bengal. We
argue that intensifying party switching behavior among opposition
incumbents and reducing the reelection rate of local politicians are
two undesirable effects of the intervention. The practice of switch-
ing party affiliation among the local politicians in rural India is a
fairly frequent phenomenon, as we show later in Section 6. Yet
the issue is not well explored in the existing literature on the local
8 The state government can spend resources on its own to strategically provide
public goods. However, such public projects are usually much larger in scale with a
wider externality than the local public goods that the GPs usually provide. Hence, it is
harder for the state government to influence the outcomes of a village election by
providing public goods on its own.

9 We provide evidence and arguments in favor of this in Section 6.
10 In West Bengal elections in GPs happen at the level of wards within a GP. (See
Section 2.1 for details.) Therefore, the incumbents in a GP are at the level of wards,
while resource is allocated to the entire GP. Consequently, we define a GP to be
aligned if the majority of incumbents in a GP belong to AITC at the beginning of the
sample period. The rest of the GPs are referred to as non-aligned or rival.



11 In some other states of India, the Sarpanch is directly elected by the voters, as in a
presidential system.
12 In most states of India political parties can not formally nominate candidates in
local elections. Therefore, even though the local candidates may have party
affiliations, it is not observable to the researchers in administrative data.
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governments in India. In this context, it is important to note the
result, since the literature on party switching highlights that such
behavior weakens the party structure and erodes trust in the polit-
ical system. Desposato (2006), for example, argues that ‘‘party
switching may be viewed as a challenge to representation when
voters use party labels to cast ballots and pick policy platforms.
Switching effectively destroys the meaning of party labels, raises
voters’ information costs, and eliminates party accountability.
Switching can be viewed as a threat to the very core of democratic
representation.” The increase in party switching in program GPs,
therefore, points towards a potentially adverse effect of the inter-
vention. Moreover, researchers have shown that reelection motive
of politicians is an important accountability mechanism behind
improved governance outcomes in developing countries (Ferraz
and Finan, 2011; Nath, 2014). Therefore, a fall in the reelection rate
could have had adverse impacts on quality of governance in the
program GPs in the subsequent period.

Our results, therefore, demonstrate how well intended and well
implemented policy interventions by third party organizations
may engender unintended political economy responses. This is
especially striking considering the fact that the intervention was
primarily non-financial in nature and in a context where depen-
dence on outside assistance (financial or otherwise) is relatively
low.

This paper contributes to the literature that shows that inter-
ventions from outside entities generate political economy effects
at home. Apart from the credit claiming literature that we discuss
above, there is a large literature on foreign aid that discusses its
various political economy consequences. Many of these papers
are in the context of African and Latin American countries, where
aid constitutes a significant part of governments’ resources. This
is in contrast to the context we study, where such dependence
on financial and institutional assistance from third party entities
is minimal. Setting aside the contextual distinction of our study,
our work also contributes to the literature in more substantive
ways. Some papers in the foreign aid literature discuss how aid
resources (i.e., the intervention itself) can be strategically manipu-
lated by the domestic government to achieve favorable political
outcomes. Briggs (2012), for example, shows that the incumbent
government in Ghana directed World Bank funds from an electrifi-
cation project strategically to constituencies which benefitted
them in the elections. Similar evidence has been found in the con-
text of Kenya (Jablonski, 2014; Briggs, 2014) and Zambia (Masaki,
2018) as well. Our work shows similar manipulation of the third
party fund in the context of India. Other papers in the foreign aid
literature highlight the negative impact of aid on certain political
outcomes, such as corruption (Isaksson and Kotsadam, 2018), civil
conflict (Nunn and Qian, 2014), deterioration of institutions
(Djankov et al., 2008; Busse and Gröning, 2009), etc. We contribute
to the literature by showing negative impacts of intervention on
reelection rate and party switching behavior of local politicians.
Moreover, the results highlight that political turnover, i.e., change
of political power mid-way through a program implementation
can substantially affect program outcomes by changing political
incentives.

We also contribute to the literature that examines allocation of
public resources by a higher level government across local jurisdic-
tions. Bardhan and Mookherjee (2006), for example, point out that
the state government in West Bengal (under the Left Front) did
engage in strategic allocation resources across GPs to favor certain
groups. Khemani (2003), on the other hand, argues that in the con-
text of India, constitutional rules can limit the extent to which
resource allocation is determined politically. Several papers point
out that politically aligned regional or local governments get
higher resources from the higher level government (see Solé-Ollé
and Sorribas-Navarro (2008) for evidence from Spain,
3

Worthington and Dollery (1998) for Australia and Levitt and
Snyder (1995) for USA, etc.). Our paper shows that such incentives
for strategic allocation can get more pronounced in presence of a
third party intervention that claims to improve governance quali-
ties of local governments. Moreover, we show how party allegiance
of local incumbents can also respond to such differential allocation
to aligned jurisdictions. Finally, it also adds to the set of papers that
examine party switching behavior of politicians in other contexts
(such as Reed and Scheiner, 2003; Yoshinaka, 2005; Desposato,
2006; Barrow, 2007; Grose and Yoshinaka, 2003, etc.). While these
papers mostly focus on national level legislatures and discuss the
various factors that shape their party defection decisions, we study
this phenomenon in local elections in India and highlight how it
can be used by the incumbent government to undermine the effect
of an intervention.

The rest of the paper is organized into the following sections:
Section 2 lays out the background and institutional details, Sec-
tion 3 describes the formal model we use to form our hypotheses,
Section 4 presents the data and the summary statistics, Section 5
elaborates on the identification strategy and estimation methodol-
ogy, Section 6 discusses the results, and finally, Section 7 makes
concluding observations.
2. Institutional details and context

2.1. Village governance in India

The village council or Gram Panchayat is the lowest tier of gov-
ernance in India. It is part of a three-tier governance structure that
all Indian states adopted after the 73rd Constitutional amendment
in 1993. In this system, each state is divided into a number of dis-
tricts. West Bengal, for example, has 18 districts. The districts are
further divided into blocks which are in turn divided into GPs. Each
of the three tiers is governed by an elected council headed by a
president. The GP council is composed of council members each
of whom is elected from a single member ward within a GP. Each
GP has a president, known as the sarpanch, analogous to a mayor in
a municipality. All the ward representatives or councilors are
elected every five years in a local election. In West Bengal, the
GP president is elected indirectly, by the elected council members
from among themselves.11 Therefore, the elections in a GP in West
Bengal happen at the GP-ward level. Importantly, unlike in most
other Indian states, political parties can nominate candidates in
the ward level elections in West Bengal. Therefore, we know the
party affiliations of the candidates as well as the incumbents.12

The council members of a GP decide on their activities through
deliberations in their internal meetings. The primary responsibility
of a GP council is to provide local public goods, such as village
roads, drinking water facilities (hand pumps, wells, etc.), primary
schools, health centers, irrigation facilities (such as public canals,
watersheds), etc. The GPs, however, have minimal taxation power
and hence their own resources can hardly suffice to meet their
expenditure needs. Their expenditure is met by resources received
from higher tier governments, i.e., the state and the central govern-
ments. These resources received by the GPs can be divided into two
broad categories – tied and untied (or discretionary) funds.

Tied funds are those which are earmarked to be used for a par-
ticular government scheme or program. GPs are usually the imple-
menting agencies of these schemes. We mention four such
important schemes. The National Rural Guarantee



Fig. 1. The ISGP Program GPs in West Bengal.
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Scheme (NREGS) program is a large public works program run by
the central government under which one adult member from each
rural household is entitled to 100 days of employment in a year.
Employment is generated by implementing various public projects
in the villages. This is by far the most politically salient program
and received a lot of attention from researchers. Among the other
central government schemes that GPs implement include the IAY
(Indira Awas Yojna) which provides subsidy to poor households
to build a house, the National Rural Health Mission (NRHM) which
provides affordable primary health care services, including mater-
nal health and child care services, to the rural population, and the
Backward Region Grant Fund (BRGF) which provides additional
resources to backward regions of India to meet their local infras-
tructure needs, etc.

Each GP also receives untied or discretionary grants from the
state government. These grants are not earmarked for any govern-
ment program and therefore can be used for the provision of public
goods at the discretion of the GP council. The state government,
therefore, enjoys a greater degree of control over the amount of
discretionary funds that the GPs receive. The allocation of
resources for the central government schemes is decided by the
relevant ministries of the central government. Therefore, the state
government has limited capacity to influence its allocation across
the GPs within the state.

2.2. ISGP program

In September 2010, the World Bank initiated a program in col-
laboration with the state government of West Bengal to strengthen
the institutional capacity of local governments by providing train-
ing to the GP politicians and officials. The program is called the
Institutional Strengthening of Gram Panchayats (ISGP). The pro-
gram officials first identified nine districts where they wished to
focus on and then selected 1000 GPs from the 1684 GPs present
in those districts to implement the program.13 We refer to these
GPs as ‘‘program GPs” and the 684 GPs not selected from the nine
districts as ‘‘non-program GPs.” Fig. 1 shows the program GPs in
shaded areas in a map of West Bengal.14 We observe that they are
geographically dispersed across the state. We discuss in detail the
criteria used to identify the program GPs in the section on identifica-
tion strategy (Section 5.1).

The program had two components –governance training and
allocation of discretionary grants. A team of program officials at
the state level trained a number of teams of officials in each of
the nine districts identified for the IGSP program. The district
teams then, in turn, visited the respective program GPs and trained
the politicians and the local officials in the GPs through onsite
handholding. The training involved best practices in budgeting,
preparation of annual plans, maintenance of accounts of revenue
and expenses, usage of computers and digital software for these
activities, following procedures for holding village meetings and
meetings of council members, maintenance of compliance proto-
cols and various other governance issues. There were in total 62
teams involved in training the local functionaries of the 1000 GPs
and, a team on average spent 24 mentoring days in each GP for
the purpose of training. In the subsequent years following the
training, the program office sent third party auditors to each of
the program GPs to audit their governance practices on an yearly
basis. Moreover, the program provided an annual discretionary
grant to the program GPs which were found to be performing well
according to the audit. This discretionary grant (the ‘‘ISGP grant”),
13 The districts are Bankura, Birbhum, Bardhaman, Coochbehar, Dakshin Dinajpur,
Howrah, Nadia, Paschim Midnapur and Purba Midnapur.
14 The ISGP program is still continuing in the state and since the fiscal year 2016–
’17, it has been expanded to cover the entire state of West Bengal.
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like any other discretionary grant, could be utilized for the provi-
sion of any local public goods and services. For the program GPs,
therefore, the total discretionary grant includes the ISGP grant as
well. The ISGP program is managed from within the relevant
department of the state government. Further, the government offi-
cials were also involved in the planning, execution, and monitoring
of the program. Therefore, the state government exercised control
in the allocation of ISGP grant as well. In the first three years since
the program began, 483, 841, and 794 GPs qualified for the ISGP
grant for the financial years 2010–’11, 2011–’12, and 2012–’13,
respectively.15 In the year 2012–’13, the average size of the ISGP
grant was about 42 rupees per capita in a GP, which is about a third
of the total discretionary fund received from the state.16
2.3. State and local elections in West Bengal

In West Bengal, as in the rest of India, both state and local elec-
tions happen in every five years. However, the two types of elec-
tions are not synchronized in the state –the local elections
happen two years after the state level election. Fig. 2 shows the
timeline of the elections in the state for the period 2008–2013.
The state election in 2011 is a critical one as a new party –AITC
(All India Trinamool Congress) –came into power that year defeat-
ing the coalition of Left parties, known as the Left Front, led by the
CPI(M) (Communist Party of India - Marxist). Prior to the 2011
election, the Left Front had been in power in West Bengal for mul-
tiple terms. Importantly, they had a sizable presence in the local
governments as well. In the 2008 GP elections, for example, a
majority of wards in our sample GPs were won by the Left Front.
They were also the majority party in a majority of GPs. We discuss
this in further detail in Section 4.2. Therefore, post 2011 while the
AITC was in power in the state government, the Left Front had a
significant presence in the local governments. It is therefore
15 For the financial year 2010–’11 the grant was meant for only six months, as the
program began in September 2010.
16 The fund is, however, small compared to the overall annual expenditure of a GP.
For example, it is only 8% of the annual NREGS expenditure.



Fig. 2. Election Timeline.

18 Notice we do not need the cross partial to be high in magnitude. As long as it is
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expected that the new ruling party, AITC, would seek to change this
scenario in the forthcoming local elections in 2013.

Since the state government allocates discretionary grants to
GPs, as mentioned previously, the new ruling party could poten-
tially use it to influence the outcome in its favor. If we look at
the GP election outcomes, we do observe that the share of wards
won by AITC doubled in 2013; in 2008 they won only 25% of
seats, which increased to 50% in 2013. The ISGP program was
introduced in 2010, i.e., the year before the state level election
took place. In the next section, we conceptually examine the
consequences of such an intervention on the resource allocation
strategy of the new state government in power after 2011 with
an objective to maximize its party’s performance in the upcom-
ing local elections.

3. Model

To understand the potential implications of the ISGP interven-
tion we posit in this section an analytical model. It helps us form
expectations regarding the kind of patterns we expect to observe
in the data and guides our empirical tests. We conceptualize the
problem as an optimization exercise for the state government.
For simplicity, we assume that the state has a two-tier governance
structure – the state government above and a continuum of vil-
lages or GPs below. We assume that GPs are of mass one and are
denoted by i 2 0;1½ �. Each GP has an incumbent politician who is
either aligned to the ruling party (A), or belongs to the rival party,
i.e., is non-aligned (N).17 We denote the party identity of incumbent
in GP i by qi, where qi 2 A;Nf g.

The probability that an incumbent gets reelected in the forth-
coming local election, denoted by p, depends on how much
resources the GP has received from the state for the provision of
local public goods and services (denoted by t), and the governance
quality of the GP (denoted by g). g therefore denotes the overall
managerial quality of the incumbent in a GP or the level of effi-
ciency withwhich she implements public projects. The relationship
between thewinning probability of the incumbent and g and t is not
straightforward. The likelihood of win depends on the vote share of
the incumbent, which in turn would depend on her performance. g
and t may affect the performance positively, and hence, can indi-
rectly affect the probability of win.We however do not model these
mediating channels in detail and assume a reduced form relation-
ship between p and, g and t. Specifically, we assume that p is
expressed as a function of g and t, i.e., p ¼ p g; tð Þ, where

@p
@g

> 0;
@p
@t

> 0;
@2p
@g2 < 0;

@2p
@t2

< 0; and
@2p
@g@t

> 0:
17 To keep the theoretical analysis simple we assume that in each GP there is only
one incumbent politician and she can belong to either the ruling party of the state
government or one of the opposition parties. We interpret it as a GP having either a
‘‘high” presence of the ruling party (i.e., a larger number of council members
belonging to the ruling party), or a ‘‘low” presence, respectively. In the empirical
analysis, we accordingly categorize GPs based on whether majority of incumbents in
the GP belong to the ruling party.
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This means that p is increasing and concave in both the argu-
ments. Importantly, g and t are complements in nature in determin-
ing the reelection probability. Therefore, the same allocation of
resources to a GP would have a larger effect on its incumbent’s
reelection chances if the GP has a higher governance quality.18 To
keep things simple, we assume that initially all GPs have the same
governance capacity, i.e., g ¼ g0 for all GPs.19

The state government has to allocate a given sum of money R
(say, state resources available for transfers to the local govern-
ments) across the GPs. The objective of the state government
is to maximize the presence of the ruling party across local gov-
ernments in the forthcoming local elections. We assume that the
state government is aware of the governance qualities as well as
party alignments of incumbents in all GPs. Let mA be the propor-
tion of GPs with incumbent type A and mN be the proportion of
GPs with incumbent type N. Therefore, mA þmN ¼ 1. We analyze
the results of our model under three different scenarios – (i) no
intervention, (ii) with ISGP intervention, and (iii) with ISGP
intervention and possibility of politicians switching party
affiliation.

3.1. No intervention

In this case the optimization problem of the state government is
straight forward. It is given by

max
tið Þi2 0;1½ �

R
qi¼A pidiþ

R
qi¼N 1� pið Þdi

s:t:
R
i tidi ¼ R

ti P t; 8i 2 0;1½ �:
The objective function is the sum of probabilities of the ruling

party winning in each GP. The first condition is the standard bud-
get constraint faced by the state government. The second con-
straint says that the state government needs to allocate a
minimum amount t to any GP. We assume that t < R. In absence
of such a constraint, the state government would always prefer
to allocate zero resource to all opposition GPs. We implicitly
assume that doing so is costly, which motivates our constraint.20

We have the following result for the No Intervention case:

Result 1. In absence of any intervention, the state government
allocates higher resources to aligned GPs relative to non-aligned
GPs.

All the proofs of the results are in Appendix Section A. Result 1
shows that the GPs with the ruling party in power gets a higher
allocation of state resources. This is obvious given the way we have
set up the incentive of the state government. With this baseline,
rather straight forward, result in place, we now analyze how the
ISGP intervention on a subset of GPs may affect the state govern-
ment’s resource allocation problem.
positive, i.e., there is some complementarity between g and t, our results would
follow.
19 In reality, the GPs are likely to be heterogeneous in their governance qualities.
However, we empirically estimate the causal effect of the ISGP program by using the
regression discontinuity design (RDD) method (see Section 5 for details). Hence
within our comparison pool of GPs, the governance quality would be similar across all
GPs.
20 The source of the cost could be public pressure created by the GP incumbents
through media and demonstrations, etc. to protest against below ‘‘subsistence”
allocation.
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3.2. ISGP intervention

As part of the intervention, a subset of GPs are selected for the
ISGP program. Each GP is therefore either assigned to the ISGP pro-
gram (Ii ¼ 1) or not (Ii ¼ 0). For simplicity, we assume that half of
the aligned and non-aligned GPs each are assigned to the ISGP pro-
gram.21 The intervention leads to an increase in the governance
quality of the program GPs from g0 to gH (gH > g0).

22 Also, the pro-
gram GPs receive some additional resource—the ISGP grant.23 The
state government now has an additional resource E from the ISGP
grant to be distributed only among the program GPs. The total
resources available to the state government is therefore Rþ E. We
denote by ri the resource from the state budget allocated to GP i.
Let ei denote the ISGP grant allocated to a program GP i. The total
grant ti allocated to a program GP is, therefore, given by ti ¼ ri þ ei,
and for a non-program GP it is ti ¼ ri. Now we restate the govern-
ment’s optimization exercise as follows.

max
tið Þi2 0;1½ �

R
Ii¼0;qi¼A pidiþ

R
Ii¼0;qi¼N 1� pið Þdi

h i

þ R
Ii¼1;qi¼A pidiþ

R
Ii¼1;qi¼N 1� pið Þdi

h i
s:t:

R
i tidi ¼ Rþ ER

Ii¼1 eidi ¼ E

ti P t; 8i 2 0;1½ �
ti P �t; 8i 2 i j Ii ¼ 1f g:

The first constraint is the standard budget constraint faced by
the government, while the second one states that the ISGP grant
is to be distributed among program GPs only. The next constraint
states that the state government has to allocate a minimum
amount t to all GPs. The final constraint requires the state govern-
ment to allocate at least �t to any program GP, where �t > t. This cap-
tures the idea that the program GPs receive more resources than
non-program GPs due to the presence of ISGP grant.24

Clearly, the state government would allocate t to a non-aligned
non-program GP and �t to a non-aligned program GP. The non-
aligned program GP will now receive a higher amount, �t, thanks
to the ISGP program. Now, within the aligned GPs, the program
GPs have higher governance quality. Since g and t are complemen-
tary, it incentivizes the state government to allocate higher
resources to the program GPs. However, program GPs are also enti-
tled to receive additional resources, thanks to the ISGP grant. Since
marginal return on resource allocation is diminishing in initial allo-
cation, it pushes the allocation in the opposite direction. Therefore,
without imposing additional structure on the problem, the effect of
having the ISGP intervention on resource allocation would remain
ambiguous. We now make the following assumption:

@p �t; gHð Þ
@t

>
@p t; g0ð Þ

@t
ð1Þ

Assumption (1) says that at the minimum allocations for the
program and non-program GPs, the marginal return on allocation
is still higher for the program GPs. Essentially, it assumes that
the difference �t � tð Þ is not very high relative to the difference
between gH and g0. Under this assumption, we show that the inter-
21 The results remain same even if the proportions are different from half, as long as
they are not very close to either zero or one. In our estimating data sample, the share
of ISGP villages is 57%.
22 This is not necessary for us. Even if the program does not significantly increase
the governance quality of the program GPs, as long as the state government perceives
it to be the case, the results would follow.
23 In reality some program GPs didn’t receive the ISGP grant even though they
received the training, as we describe in Section 2.2.
24 We implicitly assume that 1

2
�t � tð Þ < E, i.e., the minimum additional allocation to

the program GPs is feasible.
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vention distorts the resource allocation in favor of the program GPs
that are aligned to the state government. Formally, we have the fol-
lowing result:

Result 2. The program GPs receive higher resources than non-
program GPs. The state government allocates even higher
resources to aligned program GPs.

At this point, we introduce in this framework the possibility of
party switching by incumbent politicians. As we will discuss later
in Section 6, party switching is a common, though less explored,
phenomenon in the local political economy of rural India. The pos-
sibility of local politicians switching their party affiliations allows
an additional channel through which the ruling party at the state
can improve its presence in the local governments. In the subse-
quent discussion, we examine the implication of such a possibility.

3.3. ISGP intervention and party switching

Suppose some of the incumbents are willing to switch their
party affiliation.25 The following is the timeline of events in the
model. First, each incumbent i simultaneously decides whether to
switch her party identity or not, i.e., Wi 2 1;0f g. The new or final

party identity of the incumbent i is now denoted by qi

� 2 A;Nf g.
Hence, qi

� ¼ qi ifWi ¼ 0, i.e., the final party identity of the incumbent
politician is the same as before if she has not switched party. The
state government observes the final party identity of all incumbents
and their governance qualities before allocating resources.

We assume that rerunning is costly for incumbents. Rerunning
cost is normalized to zero if the incumbent doesn’t switch her
party and is c 2 0;1ð Þ if she switches her party. The expected cost
of rerunning, therefore, is higher for the switcher incumbent com-
pared to a non-switcher. This is because a switcher incumbent has
to spend time and effort to familiarize herself with the organiza-
tional structure and the overall machinery of the new party to be
able to campaign successfully. We assume that the rents accrued
to the incumbent from holding office is one. Thus, the expected
payoff of the incumbent politician if it decides to rerun is given by

U ti; gið Þ ¼ p ti; gið Þ � c if Wi ¼ 1;
p ti; gið Þ if Wi ¼ 0:

�

Given the objective function of the state government and the
fact that switching incentives of the politician are shaped by
resource allocation, the opposition party incumbents would have
a greater incentive to switch to the ruling party than the other
way around. Moreover, this incentive will be stronger in the pro-
gram villages as captured by our next result.

Result 3. There exists c� 2 0;1ð Þ such that for all c 6 c�, the
intervention increases party switching behavior in program GPs.
Switching is in favor of the ruling party in the state government.

Our theoretical analysis, therefore, highlights the importance to
take into account how the state government may respond to an
intervention. It shows that the response from the state government
generates heterogenous effects of the intervention and affects how
25 There could be unobservable characteristics of the incumbents, such as (lack of)
loyalty towards a party or (lack of) belief in a specific ideology etc., which could make
them more prone to party switching. We assume that such incumbents are present in
equal proportions across both program and non-program GPs. This implicitly assumes
that the intervention was done on a randomly selected subset of GPs. In reality, the
program GPs were not selected randomly, as we describe above. However, as before,
our RDD methodology in the empirical analysis ensures that within our comparison
pool of program and non-program GPs, the program assignment was effectively
random.
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incumbent politicians behave. We now turn to the discussion on
empirical analysis where we show evidence in favor of the predic-
tions of the model.
26 For further verification we compare the official NREGS records (available from
www.nrega.nic.in) for 2012–’13 against the SFC data. Appendix Table D2 reports the
average values of the two measures and their correlation in the form of regression.
The regression coefficient between the two measures is 0.97. It is statistically
significant at 1% level and is statistically not different from one. This gives us
confidence in using the SFC data for our analysis.
27 We only use the evaluation score based on the 2007–’08 survey for our purpose.
28 The Scheduled Castes (SCs) and Scheduled Tribes (STs) are officially designated
groups of historically disadvantaged people in India.
4. Data description

4.1. Sources and compilation

We compile several administrative datasets from four different
sources for the empirical analysis. We describe the datasets below.

Election Records and Coding of Incumbent Behavior: The
detailed ward-level election records for the 2008 and 2013 village
elections are obtained from the State Election Commission. The
dataset contains the names and party affiliations of all the candi-
dates, along with their vote tallies. Wematch the names of the can-
didates across the two elections to create markers for the council
members from 2008 election who were rerunning in 2013 and
who got reelected. For a given council member in a ward in a GP
in 2008, we search for a candidate with the same name appearing
in the candidate list of any ward election within the GP in 2013. If
the name appears then we code the council member to be rerun-
ning in 2013. Similarly, if there is a winner in any 2013 ward elec-
tion within the GP with the same name as the council member
then we code the council member as reelected in 2013. Under-
standably, this method may have errors. It is quite possible that
a different individual bearing the same name as one of the incum-
bent council members may be running for election in the same GP.
Therefore, our measures of rerunning and reelection rates could
potentially be higher than what they truly are. We, however,
should not expect the extent of such errors to change discontinu-
ously around the evaluation score threshold. Therefore, the esti-
mates of the causal effect of the program on these rates should
still be valid.

Since the election results contain the party affiliations of the
candidates, one can also match the party names across the two
elections for the subset of incumbent council members from
2008 who chose to rerun in 2013. We check if the rerunning
incumbents have the same party across two elections or not. If
the party names do not match, then we code the incumbent as a
‘‘party switcher.” This allows us to compute party switching rates
of incumbents across GPs in our sample. This method suffers from
the same problem of miscoding as the name matching method.
However, the causal effect of the program on party switching
behavior should still be valid for the reason explained above. One
additional issue with this approach is that we only observe party
switching by those incumbents who chose to rerun in 2013. How-
ever, we are interested in the incentive of the local incumbent to
switch parties only if she is rerunning. This is because the state
government’s resource allocation strategy would depend on the
behavior of only those incumbents who are rerunning as they
could potentially be co-opted to increase the ruling party’s pres-
ence in the GP. Therefore, we do have the necessary information
regarding party switching behavior that we need for the analysis.

GP Budgets: It is generally hard to get data on GP level budgets,
as the GP accounts are not streamlined and digitized in most states
of India. We, however, were able to access from the office of the
fourth State Finance Commission (SFC) of West Bengal, the yearly
revenue and expenditure details of GPs for the period 2008–
2013. The dataset on GP budget contains detailed information on
revenue received from various sources as well as expenditure car-
ried out under various heads for every year during 2008–2013. One
of the primary objectives of the SFC is to propose a formula to allo-
cate across GPs (and other local government entities) the state gov-
ernment’s resources dedicated to local governments. For this
purpose, they had carefully collected this data from each GP. More-
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over, they had sent out teams of inspectors to a subset of GPs to
verify their actual accounts to get a sense of the budgets. Therefore,
it likely that the data is of higher quality.26

ISGP Administrative Data: We collect administrative data
regarding the ISGP program from the ISGP Project wing within
the Panchayats and Rural Development Department, Government
of West Bengal. The dataset includes the evaluation scores of all
the GPs in the 9 districts initially chosen by the program officials
for the years 2005–’06 to 2008–’09.27 It also contains some addi-
tional information about the quality of governance practices of the
program GPs as assessed by the program auditors.

Demographic Data: We match the datasets with details of
demographic information of the GPs, such as total population,
sex ratio, SC/ST population, etc. The demographic dataset was com-
piled by the fourth State Finance Commission (SFC) using the cen-
sus of 2011 and was generously shared by the SFC officials.
4.2. Descriptive statistics

Table 1 reports the descriptive statistics for demographics, elec-
tion data and GP’s revenue and expenditure figures. We have com-
plete election data for 17345 unique wards across 1370 GPs
comprising of both ISGP and non-ISGP GPs for 2008 and 2013. Of
these GPs, the demographic details are available for 1351 GPs.

Panel A in Table 1 shows the descriptive statistics related to
demographics. The average population of GP is 20;261 of which
36% belong to scheduled class (SC) or scheduled tribe (ST)
groups.28 The literacy rate and sex ratio of the sample GPs are
0:77 and 0:93, respectively.

Panel B reports the revenue received under discretionary grants
and expenditure carried out under the various central government
programs. The total per capita discretionary grant received in
2012–13 by an average GP is about 133 rupees. An average GP
spent about 526 rupees per capita under the NREGS program,
which indicates that it is the largest expenditure head in an annual
budget of a GP. The other schemes, such as the BRGF, IAY and
NRHM together constitute a small fraction of the overall spending
by a GP. The GPs on average spent 321 rupees per capita in 2012–
13 on provision of public goods and services. This is higher than the
discretionary grant because it possibly includes public projects
funded by non-discretionary funds as well as leftover revenue from
the previous year. Since we do not know the revenue source used
to fund the public projects we are not able to isolate the expendi-
ture carried out from the discretionary funds received in the cur-
rent fiscal year. We discuss this further in Appendix Section C
where we analyze the effects of the program on public goods pro-
vision. Panel C reports the summary of electoral outcomes. In 2008,
the Left Front won 55% of wards in an average GP while AITC won
only 25%. The share of AITC controlled wards in 2013 increased to
50%. Focusing on the behavior of incumbents rerunning in 2013,
we observe that on average 17% of the incumbents from 2008
reran for office in 2013 elections and 8% got reelected. The reelec-
tion rate, therefore, is low in GPs in West Bengal, which is not
unlike the other states of India (Banerjee et al., 2017). We discuss
the party switching behavior below in the relevant part of
Section 6.

http://www.nrega.nic.in


Table 1
Summary statistics.

Variable Mean Standard
Deviation

Panel A: Demographics
Total Population 20261.69 5995.10
SC/ST population share 0.36 0.19
Literacy rate 0.77 0.10
Sex ratio 0.937 0.022

Panel B: GP Revenue & Expenditure
for 2012–’13
Per capita total discretionary grant 133.18 71.19
Per capita ISGP grant 42.21 49.91
Per capita expenditure on public goods 321.22 520.44
Per capita NREGS expenditure 526.25 421.52
Per capita BRGF expenditure 21.38 31.69
Per capita IAY expenditure 1.39 21.46
Per capita NRHM expenditure 3.92 6.56

for the period 2008–’09 to 2012–’13
Per capita total discretionary grant (per year) 78.46 78.76
Per capita expenditure on public goods (per year) 212.22 343.12

Panel C: Local Election
Share of Left Front Seats in a GP in 2008 0.55 0.30
Share of AITC Seats in a GP in 2008 0.25 0.26
Share of AITC Seats in a GP in 2013 0.50 0.42
Rerun rate in 2013 0.17 0.38
Reelection rate in 2013 0.08 0.27
Rate of Party Switching in 2013 0.22 0.41
Rate of Party Switching in favor of Ruling Party 0.12 0.33
Rate of Party Switching to Independent Candidate 0.04 0.21

Notes: The variables in Panels A and B are at the level of GP, while that in Panel C are
at the level of ward-GP. The Panel B figures are in Indian Rupees.

30 We observe that there is a very small share of non compliers in the data. Hence, it
effectively becomes a sharp discontinuity.
31 We regress per capita NREGS expenditure and per capita person-days generated
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5. Empirical methodology

5.1. Identification

We wish to estimate the causal effect of the ISGP program on
various outcome variables to test our hypotheses. However, the
program GPs were not randomly selected. Therefore, we can not
simply compare the average values of the outcome variables in
program vs. non-program GPs. The program officials first selected
nine districts from the full list of 18 districts of West Bengal, since
these were the most well-functioning districts of the state. The
officials then used an index of performance created by the state
government, known as ‘‘self-evaluation scores,” to select the
1000 GPs out of the total 1684 GPs present in the 9 districts. These
scores, ranging from 0 to 100 in value, were created using the
responses of the GP functionaries in a Self Evaluation Survey con-
ducted in 2007–’08. The survey was conducted by the relevant
department of the state government for the entire state and had
been done on an annual basis for the previous few years as well.

The survey asked a range of questions on attendance of villagers
in Gram Sansad meetings,29 civic services (such as road construc-
tion, wells and drainage repairing, etc.) delivered, pro-poor activities
undertaken, physical infrastructure constructed, mobilization and
utilization of resources, management of GP offices and documents
etc. Each of these items were scored based on howwell a GP had per-
formed on them, as reported by the GPs. The aggregate score created
from the individual scores is referred to as the self-evaluation score.

The program officials used a cut-off value of the self-evaluation
score to select the GPs into the program. We, therefore, identify the
causal impact of the ISGP program by exploiting the fact that inclu-
sion of GPs into the ISGP program is plausibly exogenous across
29 Gram Sansad meetings are regularly held village meetings where villagers can
voice their demands for various public goods to the local politicians.
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GPs around the cut-off score. Hence, we use a sharp regression dis-
continuity design (RDD) to select our treatment and control GPs.
The threshold value of evaluation score that was used to decide
inclusion into the program was district specific. This is because
for each district, GPs were ordered according to their evaluation
scores and the top 60% GPs were included in the program. We
therefore create a net evaluation scorewhich is the evaluation score
of a GP net of the relevant district specific cut-off and use that as
our forcing variable. If the variable takes negative value then the
GP is not included in the program, while a positive value would
mean that the GP is part of the program. Fig. 3(a) shows the distri-
bution of the ISGP status of GPs (included or not) as a function of
the net evaluation score. We observe that there is a strict disconti-
nuity in the program status of GPs at the net evaluation score of
zero.30

It is important to emphasize here that the self-evaluation sur-
vey that the program officials used was conducted in 2007–’08,
i.e., three years prior to the ISGP program. The GP politicians had
no knowledge of the ISGP program at that time. Therefore, there
is no reason to believe that there was manipulation of this score
around the (district specific) cut-off to get in or out of the program.
We formally test this claim by carrying out the McCrary test. Fig. 3
(b) plots the density of the net evaluation scores for negative and
positive values separately. We see that the densities are not statis-
tically different from each other at the cut-off value of zero. To fur-
ther bolster our claim that the RD design helps us identify the
causal impact of the program, we show that various baseline char-
acteristics of GPs, such as total population, population belonging to
SC/ST groups, sex ratio, etc., move continuously as a function of the
forcing variable at the cut-off value of zero. Appendix Table D3
reports the results of running a standard RDD specification on
twelve baseline characteristics. For all the variables we get that
there is no discontinuity at the threshold score, implying that the
GPs which are on both sides of the cut-off and are in the neighbor-
hood of the cut-off are comparable in terms of baseline character-
istics. Therefore, any discontinuity in the outcome variables at the
cut-off score can be attributed to the causal effect of the program.

The rationale for using the evaluation score as the selection cri-
teria, as explained by the program officials, was that the evaluation
score is supposed to capture how well-functioning a GP is. The pro-
gram officials intended to initiate the program in the most well-
functioning GPs within each district, and, hence selected high score
GPs. Whether the claim about the score is true or not is, however,
hard to say. Since the score is based on the responses of the GP offi-
cials to a survey, the score could be a very noisy index of gover-
nance quality.31 The relationship between score and governance
quality, however, has no bearing on our identification strategy. As
long as the nature of the relationship, howsoever complex, doesn’t
change discontinuously around the district specific cut-off points,
the RDD method would give us the correct estimate of the causal
effect of the program.
5.2. Empirical strategy

We consider two sets of outcome variables for our analysis—the
GP resource allocation and the electoral outcomes of the incum-
bents. We note that even though the elections in a GP happen at
the level of wards, the revenue received is at the level of the entire
under NREGS in the year 2012–’13 on the net evaluation score of GP, controlling for a
host of GP level observables and district fixed effects. We find that higher net
evaluation score is indeed positively correlated with greater NREGS implementation
(see Appendix Table D1).



Fig. 3. Random ISGP Status Assignment at the Evaluation Score Cutoff.

33 The context of Grembi et al. (2016) requires them to test for heterogeneity in
discontinuity over time (before and after changes in fiscal rules). Therefore, they
allow the linear relationships to also change over time. In our context, the source of
heterogeneity is cross-sectional (across aligned and non-aligned GPs). However, we
test specification (3) for each year within the tenure of a GP council separately.
Therefore, in our analysis we do allow b1 and b2 (and all other coefficients) to vary
over time. Adding further interactions in specification (3) would lead to power issues.
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GP. Our unit of analysis is, therefore, either a GP or a ward
within a GP depending on which outcome variable we focus
on. To estimate the effect of the intervention on any of the out-
come variables we perform regression discontinuity design
(RDD), whereby we estimate the jump in the value of the out-
come variable at the threshold value zero of the net evaluation
score. We first compute the optimal bandwidth for an outcome
variable, h�, using the MSERD method proposed by Calonico
et al. (2014). We then restrict the sample to GPs with net eval-
uation scores in the range �h�

;h�½ �.32 To perform the RDD estima-
tion we run the following specification:

Rgd ¼ /þ c1I scoregd > 0
� �þ b1scoregd þ b2I scoregd > 0

� �
� scoregd þ �gd ð2Þ

where Rgd is per capita resource allocation in GP g in district
d; scoregd is the net evaluation score of the GP. Our coefficient of
interest is c1 which estimates the jump at the threshold.

Some of our empirical exercises involve testing for heterogene-
ity in the program effects. For example, Result 2 tests whether the
intervention led to additional resources being allocated to aligned
program GPs (i.e., program GPs with AITC in power). We therefore
have to identify heterogeneity in the discontinuity (across aligned
and non-aligned program GPs). Hence, we propose an approach
similar to the difference-in-discontinuity method proposed by
Grembi et al. (2016). To test for heterogeneity claimed by Result
2 we define a dummy variable Mgd which takes value one if the
GP g in district d has majority of council members belonging to
AITC party at the baseline (i.e., after the 2008 GP elections), and
zero otherwise. We say that GPs with Mgd ¼ 1 are ruled by AITC
and refer to them as aligned GPs. Since decision-making within
GPs happens through deliberation and negotiation among council
members, this we believe is a fair assumption to make. Finally,
we run the following specification on the same sample of GPs as
above:

Rgd ¼ /d þ c1I scoregd > 0
� �þ c2Mgd þ c3I scoregd > 0

� � �Mgd

þb1scoregd þ b2I scoregd > 0
� � � scoregd þ �gd;

ð3Þ

In both specifications b1 (b1 þ b2) captures the linear relationship
between the outcome variable and the net evaluation score to the
32 The value of h� and hence the estimation sample would depend on the specific
outcome variable considered. Therefore, the sample size may vary across outcome
variables.
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left (right) of the threshold score. We use local linear regression
on the two sides of the threshold following Grembi et al. (2016).33

Many researchers also propose this as the benchmark, or even the
ideal design in contexts involving RDD (see Gelman and Imbens
(2019), Imbens and Lemieux (2008)). c1 is the discontinuity in
resource allocation at the threshold score for GPs which are not
aligned. Hence, c1 is the causal effect of the intervention on the
non-aligned GPs. c1 þ c3, on the other hand, is the effect of the pro-
gram on the aligned GPs. Result 2 predicts that both c1 > 0 and
c3 > 0. /d is district fixed effect. We use district fixed effects to
ensure that we estimate the heterogeneity across the treatment
and control GPs within a district. Allocation of state resources to
GPs is subject to a lot of other political economy concerns, such as
the political alignment or understanding between the district council
and the state government. Since we have GPs spread across 9 dis-
tricts, heterogeneity analysis of GPs on the two sides of the thresh-
olds may lead to more noisy estimates due to such considerations.
Therefore, absorbing the district specific characteristics makes the
estimation sharper.

We explain the test of Result 2 to elaborate on our empirical
strategy in general. The testing of Result 3 doesn’t require any test
of heterogeneity. Hence we use the standard RDD method in that
case.
6. Results

Governance Capacity: We first test if the ISGP intervention
increased the governance capacity of the GPs. We do this in two
ways. First, we test how the intervention affected the implementa-
tion of central government programs by the GPs. The state govern-
ment has less control over the GP level resource allocation under
the central government programs. The implementation of these
schemes is, therefore, not subject to the state government’s
resource allocation strategy. We therefore use the volume of pro-
For robustness, we propose an alternate specification in Appendix Section B where we
pool all years’ data and run a single regression on them in a ‘‘pre-post” setup. The
pooled sample gives us enough power to introduce all possible interactions in the
specification. The result, reported in Appendix Table D4, produces almost identical
results.



36 The average score increased from 82 in 2011–’12 to 92 in 2012–’13.
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gram implementation as our first measure of governance capac-
ity.34 We then look at audit outcomes of the program GPs to infer
about change in governance quality after the program came into
effect. For the first exercise, we examine the implementation of four
schemes, namely NREGS (National Rural Employment Guarantee
Scheme), IAY (India Awas Yojna), NRHM (National Rural Health Mis-
sion) and BRGF (Backward Region Grant Fund).

Table 2 reports the RDD estimates of the causal effect of the
intervention on these schemes. We look at two measures of NREGS
implementation – per capita person-days generated under NREGS
(column (1)) and per capita job cards issued (column (2)). Since the
NREGS program requires 60% of expenditure to be made on wage
payment, the person-days of work generated under the program is
a good proxy for the volume of public projects implemented (in
real terms). Further, the residents of the village seeking work need
to register themselves and get a ‘‘job card” issued against them to
become eligible to work under the program. Therefore, number of
job cards issued also provides an alternate measure of the scale of
the program in the relevant GP. For both measures, we find that
there is no effect of the ISGP program. The coefficients are very
small and negative in magnitude and are not statistically signifi-
cant. This implies that the program didn’t lead to any increase in
implementation of the program. Table 2 columns (3)–(5) report
the effect on the per capita expenditures under the other three cen-
tral government programs mentioned above. We see that for the
first two programs, we find a statistically significant positive effect
of the ISGP program. The sizes of the coefficients for all the three
programs are also large. This suggests that the capacity building
program did affect program implementation of the GPs by increas-
ing its capacity to implement the relatively smaller welfare pro-
grams. It is possible that the GPs are relatively more invested in
its implementation of the NREGS program, given the visibility
and political salience of the program, as have been documented
for many states (Rajasthan: Gupta and Mukhopadhyay, 2016;
Das et al., 2018; Andhra Pradesh: Afridi et al., 2019), including
West Bengal (Dey and Sen, 2016). Therefore, the intervention could
have had limited possibility to improve the implementation of
NREGS to begin with.35 The smaller programs are potentially more
neglected by the GPs. This may explain why we observe that these
programs experienced an improvement due to the intervention.

We next look at outcomes in the audits of the program GPs. One
major issue with this outcome is that it is measured only for the set
of program GPs after the program was introduced, as the auditors
only tracked their performance post intervention. Therefore, we do
not have a comparison group for this measure. However, by look-
ing at how the measure changed over time, we may infer about the
improvement in governance capacity of the program GPs. The
audit teams gathered information about four aspects of governance
practices of the GPs, namely their planning and budgeting process,
project execution and service delivery, accounting and financial
reporting, and finally, transparency and citizen engagement
through public meetings. On each of the aspects the auditors
acquired information about specific outcomes, such as whether
annual plans were prepared and uploaded into the system after
34 We understand that project implementation may get affected by various factors
such as efficiency of the bureaucracy, which are distinct from the GP’s governance
capacity. However, the GPs are the implementing agency for all of these programs and
existing evidence shows that the local politicians can significantly affect the overall
implementation of public projects in a GP. We therefore consider this to be a proxy of
governance capacity.
35 It is of course possible that the intervention was ineffective and hence, we don’t
see any improvement in NREGS implementation. However, we would not have
observed the improvement in implementation in other programs in that case.
Alternatively, it could also be the case that the ISGP intervention was effective, but
NREGS is administratively a more demanding program to implement. Hence, it is
harder to improve outcomes in NREGS relative to other programs.
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the relevant committee’s meeting and approval, whether procure-
ment contracts met the necessary criteria etc. Each of these items
were scored and aggregated to create an overall governance score.
The governance score ranges from 0 to 100. The first audit hap-
pened at the end of 2011–’12, and therefore, captures the gover-
nance quality during that financial year. The second audit is
relevant for 2012–’13.

Appendix Fig. D1 plots the densities of the two scores for the
program GPs. As we see, the distribution shifts markedly towards
the right, indicating that the practices improved significantly for
the program GPs over the two years.36 If we look at the ‘‘project
execution and service delivery” component of the score, while 33%
of program GPs received full score in that category in 2011–’12, it
went up to 61% in 2012–13.37 It is certainly possible that the non-
program GPs also experienced similar improvement in their gover-
nance practices during that time. However, the program officials
believed that the audit outcomes revealed real improvement in gov-
ernance qualities of the program GPs due to the intervention.38 The
audit reports were made available to the government and therefore,
the government also had reasons to believe that the IGSP program
improved governance quality of the program GPs.39 As we indicate
before, our results would follow as long as the state government per-
ceived the intervention to be effective, even if in reality it had a lim-
ited impact on the capacity of the GPs to implement projects.

Resource Allocation to GPs: We now examine the heteroge-
nous effect of the ISGP intervention on per capita total discre-
tionary grants that the GPs receive. As stated before, the
discretionary grants include grants from the state government
and, for the program GPs, the ISGP grant. We wish to test if the
allocation of discretionary grant follows patterns predicted by
our theoretical analysis.

Since we have yearly data on resource allocation, we do our
analysis for each of the financial years between the 2008 and
2013 GP elections, i.e., from 2008–’09 to 2012–’13. Before we for-
mally test Result 2 using specification (3), we first test whether the
ISGP program led to overall increase in per capita discretionary
grant. For that purpose we run specification (2). Our coefficient
of interest is c1. The ISGP program was implemented in 2010.
Therefore, we expect no difference in per capita discretionary grant
between program and non-program GPs prior to 2010 and a posi-
tive difference (owing to the ISGP grant) following 2010. Hence, we
hypothesize that c1 ¼ 0 for the years 2008–’09 and 2009–’10 and
c1 > 0 for the next three years.

Table 3 Panel A reports the results which verify this claim.40 We
observe that for the years 2008–’09 and 2009–’10 (columns (1) and
(2) respectively), c1 is small in magnitude and statistically insignifi-
cant. However, for columns (3)–(5), c1 has a relatively large and pos-
itive magnitude and is statistically significant. In 2010–’11 the
program GPs received about 17 rupees per capita, or 28:5%more dis-
cretionary grant than non-program GPs. It went up to 30 rupees
(31:3%) and 28 rupees (21:9%) per capita in the next two years.
Since the program began in the middle of the 2010–’11 financial
37 Maximum score for that category, like any of the other three categories, is 25.
38 The program officials took several steps to ensure transparency in the auditing
process. They hired third party audit firms on a yearly basis by floating tenders and
ensured that the same firm is not given the tender every year (by introducing cooling
off periods in the contracts). Additionally, a second audit firm was hired who verified
the audit reports by revisiting 10% of the program GPs.
39 Moreover, another independent consulting agency was hired to evaluate the
program by collecting data on various governance outcomes for a small sample of
program and non-program GPs. The report, which the state government had access to,
argued that several governance measures improved in the program GPs more than
the non-program GPs.
40 To maintain parity across Panels A and B we report the Panel A results with
district fixed effects. However the results are similar with the standard RDD
specification mentioned above.



Table 2
RDD Results: Effect of ISGP on Program Implementation.

NREGS IAY NRHM BRGF

Person-days Job Cards

(1) (2) (3) (4) (5)

ISGP �0.49 �0.01 13.64⁄ 3.79⁄⁄ 7.07
(0.51) (0.01) (7.94) (1.54) (4.98)

Observations 337 495 208 334 364

Notes: The dependent variables for the first two columns are per capita person-days generated (column (1)), per capita job cards issued (column (2)) under the NREGS
program for the financial year 2012–’13. The next three dependent variables are per capita expenditures (in Indian rupees) in India Awaas Yojna (column (4)), National Rural
Health Mission (column (5)) and Backward Region Grant Fund (column (6)). CCT refers to the MSERD bandwidth proposed by Calonico et al. (2014). The control function is
polynomial of order one. ⁄⁄⁄ p < 0.01, ⁄⁄ p < 0.05, ⁄ p < 0.1.

Table 3
Effect of ISGP on Allocation of Discretionary Grant.

2008 2009 2010 2011 2012
(1) (2) (3) (4) (5)

Panel A
ISGP �4.842 5.103 17.21⁄⁄⁄ 29.70⁄⁄⁄ 27.86⁄⁄

(4.737) (5.664) (5.538) (10.43) (13.43)

Panel B
ISGP �5.164 5.185 15.82⁄⁄⁄ 21.90⁄ 22.24

(4.480) (6.054) (5.793) (12.01) (14.34)
AITC Majority 1.637 �4.497 4.309 1.253 �8.307

(6.274) (4.733) (4.471) (8.619) (9.077)
AITC Majority ⁄ ISGP 0.828 0.858 4.314 30.13⁄⁄ 24.12⁄

(7.231) (5.768) (5.912) (15.29) (12.43)

Mean Dep. Var. 29.25 44.44 60.38 94.81 127.16
Bandwidth (h�) 5.51 5.51 5.51 5.51 5.51
Observations 423 423 423 423 423

Notes: The dependent variables are per capita allocation of total discretionary grant (in Indian rupees) for the financial years 2008–’09 to 2012–’13. The years mentioned for
each column refer to financial years. 2008, for example, refers to the 2008–’09 financial year and so on. ‘‘AITC Majority” is a dummy that takes value one if the majority of
council members in a GP belong to AITC party in the baseline. Optimal bandwidth computation for all the columns uses the MSERDmethod proposed by Calonico et al. (2014).
Robust standard errors are in parentheses. ⁄⁄⁄ p < 0.01, ⁄⁄ p < 0.05, ⁄ p < 0.1.

41 As a robustness check, we pool all years’ data and run a difference-in-
discontinuity specification in ‘‘pre-post” set up, as mentioned before. We discuss
the specification in Appendix Section B and report the results in Appendix Table D4.
42 Appendix Table D5 shows the overall effect of the program on ISGP grant and
state budget grant separately. It shows that the program, on average, did not crowd
out state government’s own resources in the first two years of the program. The
(imprecisely estimated) negative effect in the last year seems to be concentrated
among the rival program GPs (column (5) of Panel B Appendix Table D6), suggesting
strategic crowding out, to some degree, of state resources for them.
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year, the ISGP grant allocation for that year was lower as compared
to the next two years. This explains the lower absolute value of the
coefficient estimate for 2010–’11 as compared to the next two years.
Since ISGP grant was part of the intervention itself, the result is only
expected and, therefore, it is effectively a sanity check on the data.

We now estimate Eq. (3) with the same outcome variable. This
will allow us to test Result 2 and will constitute the first evidence
in favor of strategic resource allocation by the state government in
response to the intervention. Result 2 predicts that c3 > 0. Since
the new party AITC came into power in 2011, we expect the strate-
gic allocation of resources to begin from 2011–’12. Hence, we
expect c3 > 0 for 2011–’12 and 2012–’13 and c3 ¼ 0 for the first
three years. The results are reported in Panel B of Table 3. We find
that c3 is small in magnitude and statistically insignificant for the
first three years. It jumps to about 30 in 2011–’12 and 24 in 2012–
’12 (both are statistically significant). The estimate of c1, however,
turns positive from 2010–’11 onwards. This shows that even
though the program GPs on average received higher discretionary
grant from the beginning of the ISGP program, the ones having
majority of AITC councilors received even higher grants right after
AITC assumed power in the state government. We find that in
2011–’12, for example, the non-aligned program GPs received
21.9 rupees per capita higher than non-aligned non-program GPs.
However, the aligned program GPs received 50:77
(¼ 21:9þ 30:13� 1:25) rupees per capita higher compared to
aligned non-program GPs. Importantly, the estimate of c2 is small
and statistically insignificant in all the years. This implies that
aligned non-program GPs didn’t receive any differential allocation
either before or after the program. It is the program GPs with
aligned incumbents that gained disproportionately from the inter-
11
vention after the change in power at the state. We therefore verify
Result 2.41

Additionally, Appendix Table D6 reports the same results as
Table 3 Panel B, but separately for ISGP grant and discretionary
grant from state budget, in Panels A and B respectively. In Panel
A we have results from 2010 – 11, as ISGP grant was given out from
that year onwards. The results suggest that the overall impacts in
Table 3 are stronger for the ISGP grant and that the estimates of
effects on discretionary grants from the state budget, though pos-
itive, are relatively smaller in magnitude.42 This could be due to the
fact that the allocation of state budget grants tend to be stickier, pos-
sibly due to preexisting allocation practices. New sources of revenue
(such as the ISGP grant), on the other hand, are presumably more
prone to manipulation.

The results above further rule out the case that the allocation is
driven by ‘‘bottom-up” factors. For example, if the program GPs
become more capable of advocating for higher resources from
the state government (due to the governance training), then we
should not expect differential resource allocation across aligned
and non-aligned GPs. Similarly, if aligned GPs have a greater access
to the state government, since they share the same political party



Table 4
Effect of ISGP on Party Switching Behavior of Politicians.

Party Switch AITC Switch
(1) (2)

ISGP 0.26⁄⁄⁄ 0.28⁄⁄

(0.09) (0.11)

Mean Dep. Var. 0.24 0.25
Bandwidth (h�) 3.46 3.38
Observations 672 396

Notes: Both the dependent variables are dummies in this table. For column (1) it is
an indicator for the incumbent switching party affiliation conditional on rerunning,
for column (2) an indicator for the incumbent switching to the AITC party. For
column (2) the sample includes the rerunning incumbents who belonged to a non-
AITC party in 2008. Optimal bandwidth computation for all the columns uses the
MSERD method proposed by Calonico et al. (2014). The control function is
polynomial of order one. Standard errors are clustered at GP level. ⁄⁄⁄ p < 0.01, ⁄⁄

p < 0.05, ⁄ p < 0.1.

Fig. 4. Party Switching in GPs with Low Presence of Ruling Party.
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and hence have smoother communication channels with the gov-
ernment, then we should expect higher allocation to all aligned
GPs. However, as we mention above, we find none of these
patterns.43

Appendix Section C discusses the effect of the program on
expenditure on public services such as water supply, sanitation,
public health etc., and finds a similar pattern. Therefore, the higher
allocation to the aligned program GPs did result in higher expendi-
ture on public goods in those GPs.

Party Switching by Incumbents: In this section, we test Result
3, which tests whether non-aligned incumbents switched parties
significantly more if they belonged to the treatment GPs. This is
a logical implication of Result 2. Testing the hypothesis, however,
requires us to consider the possibility that politicians may switch
their party affiliations. At this point, therefore, some discussion is
warranted about the phenomenon of party switching behavior by
local politicians.

As Table 1 Panel C reports, on average about 22% politicians
switched parties in the 2013 local election. Therefore, the phe-
nomenon of party-switching is far from uncommon in the villages
of West Bengal. Further, we observe that more than half of the
switches were in favor of the ruling party. Another 18% of the
switchers became independent candidates, which often implies
an implicit shift of allegiance to the ruling party. Moreover, Fig. 4
plots in a bin-scatter graph the relationship between the share of
incumbents in a GP belonging to the ruling (AITC) party and the
share of incumbents switching party affiliation in 2013 election.
We observe that most of the party switching behavior is concen-
trated in GPs where the ruling party had a low presence during
the 2008–2013 regime. This is consistent with the fact that the
majority of switchers moved to the ruling party.

We test Result 3 by running a standard RDD specification on
two outcome variables – (i) whether a rerunning incumbent has
switched her party affiliation in 2013, and (ii) whether a rerunning
incumbent who was affiliated with a rival party in 2008 has
switched her affiliation to AITC in 2013. We report the RDD esti-
mate for the first outcome variable in column (1) of Table 4. The
party switching rate jumps at the threshold by 0:26. This is a large
effect considering the average of the estimating sample is 0:24. It is
also statistically significant at 1% level. Appendix Fig. D2 (a) shows
the jump graphically. In Appendix Fig. D2 (b) we plot the second
outcome variable against net evaluation score. We observe a sim-
ilar jump at the threshold. The point estimate of the jump, reported
in column (2) of Table 4 is 0:28, which is larger than the mean of
the estimating sample, 0:25. Hence, a large part of the increase in
party switching rate is explained by rival incumbents switching
to the AITC party. The findings therefore verify Result 3.44

Reelection Rate of Incumbents: Our empirical analysis of GP
revenue is motivated by the idea that the state government by
43 It could still be the case that the intervention improved GPs’ ability to demand
greater resources, but the state government pays greater attention to aligned GPs.
Such a ‘‘bottom up” mechanism may explain differentially higher allocation to aligned
program GPs. However, if the intervention is effective then we should expect some
positive effect for the rival program GPs as well. Appendix Table D6 shows that the
additional total grants received by rival program GPs is fully driven by the ISGP grants
(columns (3)–(5) in Panel A). They do not receive any additional discretionary grants
from the state government (same columns in Panel B). Therefore, the ‘‘bottom up”
mechanism can not explain our results completely.
44 Appendix Table D8 estimates the jump in party switching for the rerunning AITC
incumbents. The result shows that party switching also increased for AITC incum-
bents. However, the increase is smaller in magnitude and is less precisely estimated,
suggesting that switching is more pronounced for rival incumbents. Moreover, 60% of
the switchers from AITC became independent candidates, rather than joining another
party. (It is 20% for the switchers from non-AITC parties.) Since greater proportion of
rival incumbents joined AITC in the program villages, there is higher likelihood that
AITC incumbents from program villages did not get party tickets to run in the 2013
election. This may explain why AITC incumbents became independent candidates at a
greater rate in the program villages.
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being strategic about its resource allocation wished to impact the
reelection rates of local politicians. In this section, we therefore
test if the ISGP program led to any change in the rerunning and
reelection behavior of the incumbent politicians. We look at two
outcomes – an indicator of rerunning, i.e., whether the incumbent
in a ward in a GP has rerun in the 2013 election and an indicator of
reelection, i.e., whether the incumbent got reelected in the 2013
election, conditional on rerunning. We run specification (2) with
these two outcome variables to test if the average rerunning and
reelection rates were affected by the intervention. We then test
for heterogeneity in treatment effect across aligned and rival
incumbents, and then within rival incumbents across those who
switched to the AITC party and those who didn’t. As before, incum-
bent party identity (aligned or rival) is based on affiliations in
2008. We cluster the standard errors at the level of GP.

Table 5 reports the results. Column (1) reports the estimate for
probability of rerunning. We find that the intervention did not
have any effect on the rerunning rate of incumbents. The coeffi-
cient is small and statistically insignificant. We then check of the
effect on the samples of aligned and rival incumbents separately,
in columns (2) and (3) respectively. We find that the effects are
null for both. In column (4) we report the average effect on reelec-
tion, conditional on rerunning. We observe that the conditional
probability of reelection was lower for incumbents in program
GPs relative to non-program ones. The probability of reelection
falls by 0.12 (or, by about 24%) and the estimate is significant at
the 10% level. This is a surprising result considering our previous
finding that total discretionary grant was higher among program



Table 5
Effect of ISGP on Reelection Rates of Incumbents.

Rerunning Rate Reelection Rate

Full AITC Rival Full AITC Rival
Sample Incumbent Incumbent Sample Incumbent Incumbent

(1) (2) (3) (4) (5) (6) (7)

ISGP 0.0213 0.00203 0.0323 �0.119⁄ �0.0614 �0.156⁄ �0.204⁄⁄
(0.0236) (0.0557) (0.0305) (0.0614) (0.105) (0.0847) (0.0880)

Incumbent: AITC Switcher �0.0290
(0.0897)

Incumbent: AITC Switcher ⁄ ISGP 0.163
(0.110)

H0 : d1 þ d3 ¼ 0 (p value) 0.72
Mean Dep. Var. 0.24 0.32 0,21 0.50 0.60 0.45 0.45
Observations 3,205 971 2,233 974 396 565 565

Notes: The dataset is at the level of individual incumbent politician. The dependent variables in columns (1)–(3) is an indicator for rerunning in the 2013 election. The
dependent variables in rest of the columns is an indicator for the incumbent getting reelected in 2013 election, conditional on rerunning. Column (1) has the full sample of
incumbents within the optimal bandwidth. Columns (2) and (3) are for the subsamples of AITC and non-AITC incumbents, respectively. Column (4) has the full sample of
rerunning incumbents within the optimal bandwidth. Column (5) has the sample of incumbents belonging to AITC party, while the sample for columns (6) and (7) is the set of
incumbents belonging to other parties. ‘‘Incumbent: AITC Switcher” is a dummy that takes value one if the incumbent switched her affiliation to the AITC party. Optimal
bandwidth estimation uses the MSERD method proposed by Calonico et al. (2014). Standard errors are clustered at GP level. ⁄⁄⁄ p < 0.01, ⁄⁄ p < 0.05, ⁄ p < 0.1.
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GPs. To examine further, as before, we estimate the effects for
aligned and rival incumbents in columns (5) and (6) respectively.
We find that the negative effect of the program is driven primarily
by the rival incumbents. The estimate is �0.06 (or, about 10% of
the sample mean) for the aligned incumbents; it is small in magni-
tude and is statistically insignificant. On the other hand, the effect
is �0.16 (or, 35% of sample mean) for the rival incumbents, which
is both large in magnitude as well as statistically significant at 10%
level. In column (7) we test if the negative effect for the rival
incumbents is heterogenous across those who switched to the AITC
party in 2013 and those who didn’t.45 We use the same specification
as before to test for heterogeneity in treatment effect. The party
switching status of incumbents, however, is an endogenous variable.
Therefore, the interaction term could be misidentified. Hence the
readers should exercise caution in interpreting the results. Result
in column (7) suggests that the negative effect for the rival incum-
bents is completely driven by those who didn’t switch to the AITC
party. For the non-switchers the effect is �0:204 (or 45% of mean).
The interaction effect is positive and large in magnitude, but is nois-
ily estimated. The effect of the intervention on ‘‘AITC switchers” (i.e.,
those who switch to AITC) is, however, given by the sum of the two
coefficients (d1 þ d3). We report the p-value of the test at the bottom
of column (7); we can not reject the null hypothesis that it is zero.
This implies that for the AITC switchers the intervention didn’t have
any effect on the reelection rates. This is similar to the null effect on
the AITC incumbents (column (5)). Researchers have argued that
reelection motive acts as an important accountability mechanism
for politicians, and consequently, lack of reelection motive can neg-
atively affect governance outcomes (Ferraz and Finan (2011), Nath
(2014)). Since the overall reelection rate of incumbents in the sample
is only 0:08, the fall in reelection rate caused by the ISGP program
can be construed as an adverse outcome of the intervention.

To explore the possible reasons for this pattern, we test if the
effect of the intervention on reelection rate was heterogeneous
across AITC majority and minority GPs. Appendix Table D9 reports
the results separately for AITC and non-AITC incumbents. Column
(1) shows that the effect on AITC incumbents was similar in both
types of GPs. On the other hand, the fall in reelection rate among
non-AITC incumbents induced by the intervention is concentrated
in AITC majority GPs. This is consistent with the explanation that
the intervention and its associated allocation of resources seem
45 Since we use the sample of rerunning incumbents for the analysis, we can identify
the party switchers among them.
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to have made AITC a more attractive party in the local GP elections,
and more so in AITC majority GPs. The rival incumbents in those
GPs who did not switch to AITC, therefore, lost out as a conse-
quence. This however does not explain why the reelection rate of
AITC incumbents did not increase in program GPs. We hypothesize
that since AITC incumbents across the state experienced a large
increase in their overall reelection rate in 2013, it dampened the
possibility of the ISGP program having an additional effect. More-
over, as column (1) of Appendix Table D9 shows, AITC incumbents
in AITC majority GPs were, on average, 16 percentage points more
likely to win. Therefore, the differential effect of the intervention
on those GPs would also likely to be less pronounced.
7. Conclusion

We examine a World Bank capacity building program imple-
mented in a sample of villages in West Bengal, India. The interven-
tion was benign in its objective and was well-implemented in a
state that otherwise is not heavily reliant on foreign assistance
for either resources or expertise on governance. Yet we find that
the intervention led to unintended and potentially adverse political
economy consequences. We provide evidence that the state gov-
ernment responded to the program in a way that complemented
the program by allocating additional resources to program villages
with politically aligned incumbents. Additionally, the intervention
resulted in substantial increase in the party-switching behavior of
the incumbents from opposition parties in favor of the ruling party
and a fall in the reelection rate of the rival incumbents. Our analy-
sis indicates that we need to consider political economy concerns
to have a broader understanding of the welfare effects of such
interventions.

It also provides a cautionary tale for advocating third party
interventions in developing countries, including countries where
such interventions are not politically salient. The program was
implemented in collaboration with the state government. Also, it
was well designed and effectively implemented; thorough docu-
mentation was maintained for every step of the implementation,
the training period was intensive, the audits were regular, and
the allocation of the ISGP grant was swift. However, in spite of this,
we find that the state government reacted to the program driven
by its political incentive. Given this, it seems that political econ-
omy responses to third party interventions may be widespread.
Also, it may not be possible to completely avoid such political
responses from domestic governments, since incentives of politi-
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cians are shaped by institutional and political context which are
often hard to change a priori. However, if we are cognizant of the
possibility of such reactions, then we may design future interven-
tions accordingly.

Appendix A. Supplementary material

Supplementary data associated with this article can be found, in
the online version, at https://doi.org/10.1016/j.jpubeco.2020.
104331.
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